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Kyrgyzstan, Tajikistan, and Turkmenistan – by analyzing their post-Soviet nation-build-
ing processes. The authors demonstrate that national identity in these countries rests 
on three pillars: legal and political frameworks, traditional beliefs and religion, and eve-
ryday cultural practices. A common strategy across the region involves glorifying his-
torical figures and events, sometimes real and sometimes mythical, to establish 
legitimacy and continuity for modern statehood. Leaders claim descent from legendary 
warriors or cite ancient civilizations as foundations for their republics. Regional cooper-
ation emerges as crucial for strengthening individual national identities. Despite sharing 
common Islamic heritage, nomadic traditions, and Soviet history, each country has 
crafted distinct narratives. However, challenges remain, including clan-based govern-
ance, religious extremism, and the manipulation of historical facts for political purposes. 
The study reveals significant disparities in globalization integration, with Kazakhstan 
ranking considerably higher than Turkmenistan in economic, political, and social devel-
opment indicators. The authors argue that successful national identity formation re-
quires balancing modern governance with cultural preservation, and recommend 
enhanced educational programs, comprehensive legal strategies, and systematic infor-
mation campaigns to strengthen national consciousness while respecting diversity and 
promoting regional solidarity in an increasingly interconnected world. 

 
 
Riassunto 
 
Il presente studio si prefigge di esaminare come i paesi asiatici, in particolare quelli 

dell'Asia centrale, abbiano sviluppato la propria identità nazionale attraverso le dimen-
sioni storica, culturale e religiosa nel contesto della globalizzazione. La ricerca si foca-
lizza su cinque Stati dell'Asia centrale – Kazakistan, Uzbekistan, Kirghizistan, 
Tagikistan e Turkmenistan – esaminandone i processi di costruzione nazionale post-
sovietici. Gli autori dimostrano che l'identità nazionale in questi paesi si fonda su tre 
pilastri: il quadro giuridico e politico, le credenze tradizionali e la religione, nonché le 
pratiche culturali quotidiane. Una strategia comune in tutta la regione consiste nella 
glorificazione di figure e eventi storici, talvolta reali e talvolta mitici, al fine di stabilire la 
legittimità e la continuità della sovranità statale moderna. I leader rivendicano la discen-
denza da guerrieri leggendari o citano civiltà antiche come fondamenti delle loro repub-
bliche. La cooperazione regionale emerge come un fattore fondamentale per il 
rafforzamento delle singole identità nazionali. Nonostante condividano un patrimonio 
islamico comune, tradizioni nomadi e la storia sovietica, ogni paese ha elaborato nar-
razioni distinte. Tuttavia, permangono delle sfide, tra cui la governance basata sui clan, 
l'estremismo religioso e la manipolazione dei fatti storici per scopi politici. 

Lo studio evidenzia significative disuguaglianze nell'integrazione alla globalizza-
zione, con il Kazakistan che si posiziona a livelli notevolmente superiori rispetto al Turk-
menistan per quanto riguarda gli indicatori di sviluppo economico, politico e sociale. Gli 
autori sostengono che una formazione efficace dell'identità nazionale richieda un equi-
librio tra governance moderna e conservazione culturale, e raccomandano il potenzia-
mento dei programmi educativi, strategie giuridiche globali e campagne informative 
sistematiche per rafforzare la coscienza nazionale, nel rispetto della diversità e pro-
muovendo la solidarietà regionale in un mondo sempre più interconnesso. 
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1. Introduction 

 
“Museum displays are extremely important because they often represent the only 

controlled contact between a collection and the audience” Bertscher once said, adding 
that, “Exhibitions are the core use of museum collections and play a critical role in the 
work of museums. They are the embodiment of the preservation and research results 
of collections and the basic way to realize the cultural value and core functions of mu-
seums” [1]. At present, other methods of using museum collections, such as providing 
access through digital technology and promoting cultural and creative products, are 
based on the collections in the exhibition line-up [2-3]. This paper adopts a method of 
quantitative evaluation to examine the display rates of museum collections in China. 

The low display rate in museums in China is an indisputable fact. According to data 
released by the Palace Museum in Beijing, most of the artifacts on display are exhibited 
in ancient buildings in which space and conditions are limited. The Palace Museum 
exhibits approximately 30,000 artifacts from its own collection, which accounts for only 
about 2% of its total holdings of 1.86 million items [4]. More than 420,000 artifacts in 
the Nanjing Museum, including 40,000 artifacts used in permanent exhibitions, tempo-
rary exhibitions, and exchange exhibitions, have reached a utilization rate of 9.5%, mak-
ing the museum an outstanding player among major museums in the utilization of 
collections [5], especially since most of the collections stored in museum warehouses 
have not been displayed. Some international museums have accelerated the turnover 
rate and renewal rate of collections by changing artifacts and holding special exhibi-
tions, achieving good results [6-8]. For example, the Metropolitan Museum of Art in the 
United States has more than three million pieces in its collection, and as many as one 
million pieces are open to the public all the year round, with a display rate of 30% [9-
10]. It also holds “special exhibitions” to improve the utilization rate of the collection [11-
12]. The Louvre Museum in France revitalizes its vast collections through strategies 
such as regular rotations and temporary exhibitions, enhancing public access and en-
gagement [13]. 

Lasso (Least Absolute Shrinkage and Selection Operator) regression and logistics 
regression (LR) statistical methods have been widely used in the medical field [14], and  
have helped doctors find the rules of disease occurrence, and development and clinical 
medication [15]. In this study, 670 randomly collected exhibitions were taken as exam-
ples to discuss the basic situation of museum exhibitions in China, and to analyze and 
predict the factors influencing museum exhibition by using statistical methods and 
–––––––––––––– 
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deeply analyze their correlation. Only by profoundly understanding and analyzing the 
real and specific exhibition data and correlation coefficient of museums in China can 
we provide data support and scientific guidance to improve the exhibition and utilization 
efficiency of museum collections. 
 
 

2. Materials and methods 
 

2.1. Source of data 
 
The basic information for the 670 randomly chosen exhibitions from 31 provinces 

and cities in China was collected through official museum websites, website news, the 
“Museum Exhibition Overview (2016),” and the “Annual Record of Important Exhibitions 
in Museums of China,” among which, 272 were permanent exhibitions and 398 were 
temporary exhibitions. The collected information included the name of the exhibition, 
the organizer, the administrative level of the museum (national, provincial, and city 
level), the type of museum (for example, history, arts, natural science and technology, 
and a comprehensive category), the area of the museum, exhibition time, and subject 
matter (such as ancient history, construction of modern revolution, general history, nat-
ural history, arts, science and technology, and a comprehensive category), the type of 
exhibition (e.g., permanent exhibition or temporary exhibition), artifact quantity, and 
other factors. 

 
2.2. Establishing a mathematical model to estimate the display rate of na-

tional museum collections 
 

Given the density function of the log-normal distribution, we can calculate the ex-
pression of the reliability function and the unreliability function of the distribution accord-
ing to the definition of the reliability function and the unreliability function [16]. 

 
Definition 
χ: A continuous random variable representing the number of artifacts in a single 

exhibition. lnχ: The natural logarithm of the artifact count, assumed to follow a normal 
distribution. μ: The mean of the log-normal distribution, reflecting the average value of 
the log-transformed artifact count. σ2: The variance of the log-normal distribution, de-
scribing the dispersion of the log-transformed artifact count. 

 
Let χ be a continuous random variable with a positive number, if 
 

lnχ~N (μ, σ2), 
the probability density of χ is 
 

 

 
The random variable χ is said to obey the log-normal distribution, recorded as 
 

lnχ~N(μ, σ2). 
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Calculation 
Let χ obey the log-normal distribution, and its density function is as follows: 

 

 

 
The mathematical expectation is as follows: 
 

𝐸𝐸(𝜒𝜒) = eμ 
 

Symbol Definitions 
𝐸𝐸(𝜒𝜒): The mathematical expectation (expected value) of the artifact count, repre-

senting the average number of artifacts per exhibition. μ: The mean parameter of the 
log-normal distribution. 

If the number of permanent exhibitions, temporary exhibitions, and collections in 
China in 2017 is α, β, and m, then the display rate 𝑓𝑓(𝜒𝜒) of the collections in museums 
of China in 2017 is as follows: 

 
𝑓𝑓(𝜒𝜒) =)(𝐸𝐸(𝜒𝜒1) · α + 𝐸𝐸(𝜒𝜒2) · β) /φ 

 
Symbol Definitions 
𝜒𝜒1, 𝜒𝜒2: Represent the artifact counts for permanent exhibitions and temporary ex-

hibitions, respectively, both following log-normal distribution. 𝐸𝐸(𝜒𝜒1), 𝐸𝐸(𝜒𝜒2): The aver-
age artifact counts for permanent and temporary exhibitions. α, β: The number of 
times a museum hosts permanent and temporary exhibitions in a year. φ: The total 
number of artifacts in the museum's collection. 𝑓𝑓(𝜒𝜒): The display rate, expressed as a 
percentage, indicating the proportion of artifacts on display. 

 
2.3. Data set processing of input R language 

 
The data come from the “Statistical Yearbook of Chinese Culture” and are released 

by the National Bureau of Statistics. The “Statistical Yearbook of Chinese Culture” sys-
tematically collects data on all aspects of Chinese cultural development. The selection 
of Area, Professional staff, Employee count, GDP ranking, Collection number, Income, 
and Per capita GDP, ranking as independent variables, is driven by two primary con-
siderations. First, the yearbook systematically documents institutional metrics, while 
detailed data on ticket prices or collection themes lack national standardization. Sec-
ond, museum operations in China are heavily dependent on government funding and 
regional economic capacity. Professional staff directly influence the planning and exe-
cution capabilities of exhibitions. Its processing for the Lasso regression analysis is as 
follows: the respective variable names are Exhibition_quantity, GDP_ranking, Per cap-
ita_GDP_ranking, collection_number, area (refers to the exhibition area of museums in 
various provinces and cities), employee, professional_employee, and income (refers to 
the funds allocated by the central government to regional museums). The file is named 
'input3.txt'. 

Logistics regression applies to variables whose dependent variable is a dichotomy. 
In dataset X, the Exhibition_quantity of 31 provinces is ranked from high to low, ranking 
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1-15 as 'high =0', and 16-31 as 'low =1'. The GDP_ranking and Per cap-
ita_GDP_ranking are ranked from small to large, wherein 1-10 is 'high =0', 11-20 is 
'medium =1', and 21-31 is 'low =2'. Other independent variables, such as collec-
tion_number, area, employee, professional_employee, and income were ranked from 
high to low, ranking 1-10 as 'high =0', 11-20 as 'middle =1', and 21-31 as 'low =2'. The 
dataset is named 'input4.txt'. 

 
2.4. Statistical analysis 

 
Statistical analyses included normality testing (Shapiro-Wilk test), Pearson/Spear-

man correlation analyses, and Least-Significant Difference (LSD) tests for multi-group 
mean comparisons, following established methodologies[17]. R (version 3.6.2, 
http://www.r-project.org/) is used for Lasso or logistics regression analysis, and for 
drawing the nomogram, ROC curve, and calibration curve. The C-index (consistency 
index) is used to evaluate the accuracy of the nomogram. The dataset of basic infor-
mation of museums in various regions of China in 2017 is shown in the supplementary 
material (Table 1). 

 
 
3. Basic information on the 670 exhibitions 

 
3.1. Basic information on the artifact quantity and subject matter of the 670 

exhibitions 
 
A simple statistical analysis on artifact quantity in 670 exhibitions was conducted, 

as shown in Fig. 1A. Among the 670 randomly chosen exhibitions, there were 120 ex-
hibitions with less than 100 artifacts, accounting for 17.91%; 386 exhibitions with 100–
500 objects, accounting for 57.61%; 95 exhibitions with 501-1000 objects, accounting 
for 14.18%; and 69 exhibitions with more than 1000 artifacts, accounting for 10.3%. 

In addition, based on the contents of each exhibition, they were categorized into the 
following subject areas: ancient history, construction of modern revolution, general his-
tory, natural history, arts, science and technology, and comprehensive [18]. The col-
lected 670 exhibition typologies were categorized by subject, as shown in Fig. 1B. 
Among them, the number of permanent exhibitions for ancient history is 111, and for 
arts it is 50. The number of temporary exhibitions for ancient history is 139, and for arts 
it is 172. Permanent exhibitions thus account for 37.31% and 33.13% of the total exhi-
bitions within the ancient history and arts categories, respectively. For other subjects, 
the counts are as follows: in the category of construction of modern revolution, there 
are 66 permanent and 57 temporary exhibitions, accounting for 18.36%; in general his-
tory, 19 permanent and 1 temporary, accounting for 2.99%; in natural history, 12 per-
manent and 12 temporary, accounting for 3.58%; in science and technology, 7 
permanent and 15 temporary, accounting for 3.28%; and in the comprehensive cate-
gory, 7 permanent and 2 temporary, accounting for 1.34%. These data are consistent 
with the great majority of historical and artistic exhibitions in China with regards to the 
traditional classification of exhibition subjects. 
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Figure 1. Basic information on the artifact quantity and subject matter of 670 exhibitions. 
A) shows the distribution of artifact quantity collected; B) shows the statistics of the 
classification of the subject matter in the exhibitions. 
 

 
3.2. Basic information about the host museum for the randomly selected 

exhibitions 

The administrative levels of the collection of 670 exhibitions were analyzed, as 
shown in Table 1. The number of permanent and temporary exhibitions sponsored by 
national and provincial museums is 14 and 75, and 89 and 169, respectively, accounting 
for 13.28% and 42.09%, respectively. The number of permanent exhibitions sponsored 
by city-level museums is 169, while the number of temporary exhibitions is 130, ac-
counting for 44.63%. Due to the lack of exhibition information in museums with lower 
administrative levels, data are difficult to collect, and few data are published online. 
Generally speaking, the exhibitions found on the Internet are high-quality exhibitions. 
Therefore, the artifact quantity in the sample may exceed the national average. The 
proportional distribution of museum administrative levels and types in our sample of 
670 exhibitions is consistent with the national profile reported in the “2018 Statistical 
Yearbook of Chinese Culture”. Although city-level museums do not constitute the abso-
lute majority in our sample, their proportion in relation to national and provincial muse-
ums is consistent with the national pattern; this consistency supports the 
representativeness of our sample. 

The type of host museums of the 670 exhibitions were classified as shown in Table 
1. Among them, the permanent exhibition quantity sponsored by comprehensive, his-
torical, art, and natural science and technology museums is 128, 111, 24, and 9 respec-
tively, while the temporary exhibition quantity is 304, 62, 24, and 8, respectively, 
accounting for 64.48%, 25.82%, 7.16%, and 2.54%, respectively, in total. Compared 
with the information on exhibitions held by various types of museums in China in 2017, 
published in the “2018 Statistical Yearbook of Chinese Culture,” exhibitions held by 
comprehensive and historical museums also accounted for an absolute number, con-
sistent with national data, indicating that the collected exhibitions were representative 
to some extent. 
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Table 1. Statistics on the administrative level and type of the host museums of the 670 
exhibitions 
   

Permanent 
exhibition 
quantity 

Temporary 
exhibition 
quantity 

Total percentage 

Administrative 
level of the 
museum 1 

National  
level 14 75 13.28% 

 Provincial level 89 193 42.09% 

 City level 169 130 44.63% 

 Total 272 398 100% 

Type of 
Museum 2 Comprehensive 128 304 64.48% 

 History 111 62 25.82% 

 Arts 24 24 7.16% 

 Natural science 
and technology 9 8 2.54% 

 Total 272 398 100% 
 
 

4. Result 

4.1. Normality test of dataset 
 
In this study, a mathematical mean model was established using the artifact quan-

tity in 670 exhibitions. Then, the exhibition quantity and collections of museums of 
various types and administrative levels in China from 2009 to 2017 (published in 
the ”Statistical Yearbook of Chinese Culture”), was used to estimate the display rate 
of museums in China. 

In order to confirm that the artifact quantity collected in the exhibition conforms to 
the normal test, first, the non-parametric normal test on the artifact quantity was con-
ducted, as shown in Fig. 2A and B. Normal Probability Plot and Quantile-Quantile Plot 
(Q-Q Plot) showed that exhibitions with less than 2000 artifacts accounted for more 
than 95%, and the artifact quantity did not conform to the normal distribution. 

When the data set X does not conform to the normal distribution, the logarithm 
(logχ) of the data set X of the random variable may conform to the normal distribution, 
which is mathematically called lognormal distribution. The results are shown in Fig. 
2C and D. The Normal Probability Plot shows that after taking the logarithm of the 
artifact quantity, the mean value (μ) is equal to 2.3753, the variance (σ) is equal to 
0.44974, and the Normal Probability Plot shows the distribution of “high in the middle, 
low on both sides.” In addition, the Q-Q Plot also indicates that logχ is basically dis-
tributed on y=x. These results indicate that logX, a logarithmic set on the artifact 
quantity, is normally distributed. 
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Figure 2. Normality test of artifact quantity for 670 exhibitions. A) is the Normal Proba-
bility Plot of the artifact quantity; B) is the Q-Q plot of the artifact quantity; C) is the 
Normal Probability Plot of artifact quantity after log transformation; D) is the Q-Q plot of 
the artifact quantity after log transformation. 

 
 
4.2. Estimating the display rate of museums in China in past years using a 

mathematical model 
 
The display rate of the collections in national museums in 2017 was taken as an 

example. According to the formula 𝑓𝑓(𝜒𝜒) = ∑(𝐸𝐸(𝜒𝜒1) · α + 𝐸𝐸(𝜒𝜒2) · β) /φ the specific cal-
culation process is as follows. First, the artifact quantity of 14 permanent exhibitions at 
the national level was screened out, with a base of 10. After log transformation, the 
average value of the logarithm was equal to 2.96 (μ=2.96). The mathematical mean of 
the artifacts count for this group was then calculated as 𝐸𝐸(𝜒𝜒1)=10μ=912.01. Similarly, 
𝐸𝐸(𝜒𝜒2)=10μ=213.80 for the mathematical average of artifacts of 75 temporary exhibi-
tions at the national level. It was concluded that the display rate 𝑓𝑓(𝜒𝜒) of national muse-
ums in 2017 was 1.58%. 
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In order to further understand the state of exhibitions of museum collections in past 
years, the above method was used to obtain statistics on the display rate of museums 
in China from 2009 to 2017, and a graph was drawn of their estimated value, as shown 
in Fig. 3A. From 2009 to 2017, the display rates of national museums were 3.06%, 
2.46%, 2.04%, 2.50%, 1.89%, 2.19%, 2.14%, 1.45%, and 1.58%. The display rates of 
provincial museums from 2009 to 2017 were 5.69%, 5.28%, 5.66%, 5.36%, 4.82%, 
4.88%, 4.90%, 4.84%, and 4.41%. It can be seen that the display rate of museums 
above the provincial level fluctuated very little from 2009 to 2017 and showed a down-
ward trend. From 2009 to 2017, the display rate of city-level museums was 34.11%, 
41.82%, 36.76%, 32.91%, 22.39%, 24.47%, 25.38%, 24.65%, and 24.27%. It can be 
seen that the collection display rate of small city-level museums fluctuated greatly from 
2009 to 2017 and also showed a downward trend. To a certain extent, with the increase 
in the number of museums and collections in China from 2009 to 2017, the display rate 
has not improved or even declined, indicating that improving the utilization efficiency of 
museum collections is an urgent problem faced by museums in China. 

The display rates of various types of museums from 2009 to 2017 were counted, and 
the curves of their estimated values were drawn, as shown in Fig. 3B. It can be seen that 
the estimated curve of the collection display rate of all types of museums shows a downward 
trend, which, to some extent, indicates that the overall display rate of all types of museums 
is declining, and it is necessary to improve the utilization efficiency of collections. 

 

 
 
Figure 3. Estimated value curve of display rate of Chinese museums from 2009 to 2017. 
A) is the display rate for museums at three administrative levels: national, provincial, 
and city-level; B) is the display rate for four museum types: comprehensive, history, 
arts, and natural science & technology. 
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above the provincial level fluctuated very little from 2009 to 2017 and showed a down-
ward trend. From 2009 to 2017, the display rate of city-level museums was 34.11%, 
41.82%, 36.76%, 32.91%, 22.39%, 24.47%, 25.38%, 24.65%, and 24.27%. It can be 
seen that the collection display rate of small city-level museums fluctuated greatly from 
2009 to 2017 and also showed a downward trend. To a certain extent, with the increase 
in the number of museums and collections in China from 2009 to 2017, the display rate 
has not improved or even declined, indicating that improving the utilization efficiency of 
museum collections is an urgent problem faced by museums in China. 

The display rates of various types of museums from 2009 to 2017 were counted, and 
the curves of their estimated values were drawn, as shown in Fig. 3B. It can be seen that 
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4.3.  Using Lasso regression to screen characteristic factors influencing ex-

hibition quantity 
 
The prediction of relevant factors affecting the exhibition quantity of the museum 

has a guiding role in discussing the correlation between single factors (independent 

 

variables) and exhibition quantity (dependent variables) and has a certain directivity in 
exploring the reasons for the low display rate of museum collections. As shown in Fig. 
4A, there are seven factors in the selection range. The vertical coordinate of Fig. 4A is 
the regression coefficient and the horizontal coordinate is Logλ. From left to right, when 
λ is sufficiently large the coefficient of the seven factors can be precisely reduced to 
zero to obtain the λ value: logeλ=29.45846, λ=3.38. The first imaginary line to the left of 
Fig. 4B shows that when λ=3.38, there is a corresponding 3. From this, it can be seen 
that of the seven factors included in the selection, three are the most relevant: 
GDP_ranking, area, and professional_employee. 

 

 
 
Figure 4. Lasso regression screened the characteristic factors that influence the exhibition 
quantity. A) The seven-fold cross-validation via minimum criteria is used to select the op-
timal parameter (λ) in the Lasso model; B) Lasso coefficient profiles of the seven factors. 
A vertical line was drawn at the value selected using seven-fold cross-validation, where 
optimal λ resulted in the features with nonzero coefficients, when the λ value is 3.38. 
 

 
4.4. Nomogram of the characteristic factors affecting exhibition quantity 
 
Nomograms are used to predict the probability of dependent variables occurring 

when other independent variables are known. We further constructed the mathematical 
model of the nomogram to predict the probability of more or less in the exhibition quan-
tity; the results are shown in Fig. 5. To demonstrate the application of this nomogram, 
we used the 2017 museum data of Shaanxi Province as an example, its GDP_ranking 
is 15 (Middle), the Area is 623,500 square meters, ranked fifth (High), and the profes-
sional_employee is 2205, ranking third (High). Compared with the results shown in Fig. 
5, which has a score of 34, 0, and 0, respectively, the Probability of Non_Exhibi-
tion_quantity corresponding to the total score of 34 was much lower than 0.1. Therefore, 
it can be predicted that the number of exhibitions in Shanxi province is among the high-
est in China. The nomogram is of guiding significance in predicting the exhibition quan-
tity of the museum in different regions of China; other provinces can also make 
predictions according to the nomogram. 
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Figure 5. Nomogram of the characteristic factors affecting the exhibition quantity. This 
is a general predictive model. The method of use of the nomogram, the value of each 
province (high, middle, low of the GDP ranking, area, and professional employee), 
draws a line upward to determine the score of the variable, summarizes the total score 
of all the variables, and compares the probability of axis to predict the probability of 
more or less in exhibition quantity. 
 

 
4.5. Calculation of C-index and AUC 
 
The C-index is the index of concordance, which evaluates the predictive power of 

a model by estimating the probability that the predicted results are in agreement with 
the observed results [19]. In addition, the Area Under Curve (AUC) is derived from 
the area under the receiver operating characteristic (ROC) curve. The value of the 
AUC is between 0.1 and 1, which can directly evaluate the quality of the model. The 
closer the value is to 1, the better the accuracy of the model [20-22]. After constructing 
the nomogram of the GDP_ranking, area, and professional_employee, in order to 
further judge the accuracy of the forecast of the nomogram, the C-index was calcu-
lated, the ROC curve was drawn and the AUC value was calculated, to analyze them. 
Running on the R language, the C-index is 0.99, the standard deviation is 0.023, and 
the C-index is close to 1. The ROC curve is shown in Fig. 6A. It can be seen from the 
figure that the AUC is 0.923, which is close to 1. Both the C-index and AUC indicate 
that the nomogram model used to predict the exhibition quantity of the museum is 
highly accurate. 
 



355

CO
N

SE
RV

AT
IO

N
 S

CI
EN

CE
 IN

 C
U

LT
U

R
A

L 
H

ER
IT

AG
E

 

 
 
Figure 5. Nomogram of the characteristic factors affecting the exhibition quantity. This 
is a general predictive model. The method of use of the nomogram, the value of each 
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a model by estimating the probability that the predicted results are in agreement with 
the observed results [19]. In addition, the Area Under Curve (AUC) is derived from 
the area under the receiver operating characteristic (ROC) curve. The value of the 
AUC is between 0.1 and 1, which can directly evaluate the quality of the model. The 
closer the value is to 1, the better the accuracy of the model [20-22]. After constructing 
the nomogram of the GDP_ranking, area, and professional_employee, in order to 
further judge the accuracy of the forecast of the nomogram, the C-index was calcu-
lated, the ROC curve was drawn and the AUC value was calculated, to analyze them. 
Running on the R language, the C-index is 0.99, the standard deviation is 0.023, and 
the C-index is close to 1. The ROC curve is shown in Fig. 6A. It can be seen from the 
figure that the AUC is 0.923, which is close to 1. Both the C-index and AUC indicate 
that the nomogram model used to predict the exhibition quantity of the museum is 
highly accurate. 
 

 

4.6. Drawing the calibration curve of the nomogram 
 
The calibration curve is a curve fitted by a scatter plot of the actual probability of 

occurrence and the predicted probability of occurrence [23]. The closer the predicted 
curve is to the actual curve (y=x), and the closer the predicted curve is to the measured 
incidence, the better the model. The calibration curve of the nomogram is drawn by R 
language. The result is as shown in Fig. 6B. It can be seen from the graph that the curve 
is close to y=x, which shows that the results of the screening and prediction in the nom-
ogram are more accurate, conforming to the actual state of museum operation. GDP 
ranking, area, and professional employees, are important factors that affect the exhibi-
tion quantity of provincial museums. Indirectly, these factors are also the key factors 
affecting the exhibition quantity and the efficiency of the use of collections in individual 
museums. 

 

 
 
Figure 6. ROC curve and calibration curve influencing characteristic factors of the ex-
hibition quantity. A) is the ROC curve; B) is the calibration curve. 
 

 
4.7.  Correlation analysis between the administrative level of the museum, mu-

seum type and display rate 
 
Least significant difference (LSD) statistical tests on the average number of different 

samples were conducted with the display rates of museum collections from 2009 to 
2017; the results are shown in Table 2. Compared with the display rate of high-level 
museums during these years (national level, 0.02 ± 0.00; provincial level, 0.05 ± 0.00), 
the display rate of city-level museums is 0.30 ± 0.07. Through the LSD statistical test, 
LSD-t values were -13.50 and -12.50, respectively (A vs. C, P = 0.00; B vs. C, P = 0.00). 
According to the test level of α = 0.05, P < 0.05 has statistical significance. Therefore, 
there is a statistically significant difference between the high display rate of city-level 
museums and the low display rate of national and provincial museums. 

Similarly, the LSD statistical test was conducted on the average number of different 
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samples in the display rates of various types of museums from 2009 to 2017; the results 
are shown in Table 2. Compared with other types of museums (0.19 ± 0.02 for compre-
hensive, 0.19 ± 0.07 for art, and 0.14 ± 0.03 for natural science and technology), the 
display rate of history museums in this period is higher at 0.37 ± 0.05. The LSD-t values 
were -9.00, 9.00, and 11.50, respectively (A vs. B, P =0.00; B vs. C, P =0.00; B vs. D, 
P =0.00). Therefore, there is a statistically significant difference between the high dis-
play rate of historical museums and the low display rate of other categories. 

We used Spearman’s rank correlation to analyze the relationship between the ad-
ministrative level of museums and display rates from 2009 to 2017; the result is shown 
in Table 3. The correlation coefficient is 0.943456, which shows that the administrative 
grade of museums is highly correlated with the display rate; the P value is 0.000001, 
which is statistically significant. It can be concluded that the display rate of high-level 
museums is low, while that of low-level museums is higher, which further proves the 
relevance between museum level and exhibitions. 

In addition, the relationship between museum type and display rate was statistically 
analyzed by Spearman’s correlation; the correlation coefficient was -0.55486 as shown 
in Table 3. The absolute value of the correlation coefficient indicated that the relation-
ship between museum type and display rate was moderate. The P value is 0.00044, 
which is statistically significant. It can be considered that the display rate of history mu-
seums is high, while that of other types of museums is low, which further proves the 
correlation between museum types and exhibitions. 

 
Table 2. Results of LSD tests on the display rate in museums of different administrative 
levels and types from 2009 to 2017 
 

Groups   Count Mean 3 Std. 
Deviation 

   LSD-t P value 

National level museum 
(A)  

9 0.02  0.00  A vs B -1.50  0.13  

Provincial level museum 
(B) 

9 0.05  0.00  A vs C -13.50  0.00  

City-level museum (C)  9 0.30  0.07  B vs C -12.50  0.00  

       
Comprehensive museum 

(A) 
9 0.19  0.02  A vs B -9.00  0.00  

History museum (B) 9 0.37  0.05  A vs C 0.00  0.91  

 Arts museum (C) 9 0.19  0.07  A vs D 2.50  0.03  

Natural science and 
technology museum (D) 

9 0.14  0.03  B vs C 9.00  0.00  

    B vs D 11.50  0.00  

        C vs D 2.50  0.02  
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play rate of historical museums and the low display rate of other categories. 
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ministrative level of museums and display rates from 2009 to 2017; the result is shown 
in Table 3. The correlation coefficient is 0.943456, which shows that the administrative 
grade of museums is highly correlated with the display rate; the P value is 0.000001, 
which is statistically significant. It can be concluded that the display rate of high-level 
museums is low, while that of low-level museums is higher, which further proves the 
relevance between museum level and exhibitions. 

In addition, the relationship between museum type and display rate was statistically 
analyzed by Spearman’s correlation; the correlation coefficient was -0.55486 as shown 
in Table 3. The absolute value of the correlation coefficient indicated that the relation-
ship between museum type and display rate was moderate. The P value is 0.00044, 
which is statistically significant. It can be considered that the display rate of history mu-
seums is high, while that of other types of museums is low, which further proves the 
correlation between museum types and exhibitions. 

 
Table 2. Results of LSD tests on the display rate in museums of different administrative 
levels and types from 2009 to 2017 
 

Groups   Count Mean 3 Std. 
Deviation 

   LSD-t P value 

National level museum 
(A)  

9 0.02  0.00  A vs B -1.50  0.13  

Provincial level museum 
(B) 

9 0.05  0.00  A vs C -13.50  0.00  

City-level museum (C)  9 0.30  0.07  B vs C -12.50  0.00  

       
Comprehensive museum 

(A) 
9 0.19  0.02  A vs B -9.00  0.00  

History museum (B) 9 0.37  0.05  A vs C 0.00  0.91  

 Arts museum (C) 9 0.19  0.07  A vs D 2.50  0.03  

Natural science and 
technology museum (D) 

9 0.14  0.03  B vs C 9.00  0.00  

    B vs D 11.50  0.00  

        C vs D 2.50  0.02  

 

 

Table 3. Results of Spearman’s correlation coefficient between display rates and vari-
ous administrative levels and types of museums over the past decade 
 

  N 4 Correlation Coefficient P value 

Display 
rate vs. 

Administrative 
level of the 
museum 

27 0.94 0.000001 

 Type of Museum 36 -0.55 0.00044 
 
 

4.8. Correlation analysis between exhibition quantity and objective factors 
 
We screened GDP ranking, area, and professional employees, as the most relevant 

factors affecting the exhibition quantity of the museum. Moreover, a nomogram was 
constructed to verify the accuracy of the prediction, but the specific correlation coeffi-
cients between these factors and the exhibition quantity were not clear. Therefore, the 
Pearson test was used to calculate the correlation coefficients between these three 
objective factors and other possible factors and the exhibition quantity, to accurately 
reflect the relationship between these objective factors and the exhibition quantity. 

The Pearson test was used to calculate the correlation between the number of mu-
seum exhibitions in each region and seven objective factors, such as exhibition area in 
2017. The results are shown in Table 4. Pearson’s correlation coefficient ranges from 
high to low, including area, professional employees, employees, GDP ranking, collec-
tion number, income, and per capita GDP ranking. The correlation coefficient is 0.94, 
0.89, 0.79, -0.77, 0.62, 0.54, and -0.4, respectively, with P < 0.05. The results show that 
these objective factors are related to the exhibition quantity of the museum, and they 
are all important factors influencing the exhibition quantity. In addition, it can also be 
seen from the correlation coefficient that the prediction models used to construct the 
nomograms using the three most relevant factors that were selected, mutually confirm 
that, area, professional employees, and GDP ranking, are indeed the important factors 
influencing the exhibition quantity of the museum in a region. 

 
Table 4. Pearson’s correlation statistical analysis of the factors influencing the exhibition 
quantity of museums  
 

  No. of 
Provinces 

Correlation 
Coefficient P value 

Exhibition 
quantity vs. 

 
Area 

 
31 

 
0.94 

 
0 

 Professional employees 31 0.89 0 

 Employees 31 0.79 0 

 GDP ranking 31 -0.77 0 

 Collection number 31 0.62 0.000201 

 Income 31 0.54 0.001868 
 Per capita GDP ranking 31 -0.4 0.025101 
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5. Discussion 
 
5.1. Correlation factors 
 
We used Lasso regression and logistics regression to analyze the basic data of the 

Chinese museum type, the subordinate relations, district and collection, exhibition area, 
employees, and income. The study analyzed the correlation between these factors and 
exhibition quantity in order to comprehensively examine the factors that affect the exhi-
bition quantity of museums in China. 

First, Lasso regression analysis was used to screen three (GDP ranking, area, and 
professional employees) of the seven factors that are important in influencing the exhi-
bition quantity of museums. Then, a nomogram model for predicting the exhibition 
quantity was constructed using these three factors, and the accuracy of the model was 
verified by using the C-index, ROC curve, and calibration curve, which proved that GDP 
ranking, area, and professional employee, provided good accuracy in predicting exhi-
bition quantity. 

We calculated the Pearson’s correlation coefficient between the GDP ranking and the 
exhibition quantity and found that the correlation coefficient of the two was -0.77, indicating 
that the higher the GDP ranking (better economic performance), the greater the number of 
exhibitions held in the specific region. Therefore, the degree of economic development is 
one of the factors affecting local museum exhibitions, thus, the financial strength of a mu-
seum inevitably affects the exhibition quantity and the use efficiency of the collection. 

The Pearson’s correlation coefficient between exhibition area and exhibition quan-
tity is 0.94, which is the highest of all factors. It can be considered that areas with more 
exhibition space have more exhibitions, while areas with less exhibition space have 
fewer exhibitions. Exhibition area is undoubtedly one of the important factors affecting 
the utilization of collections [24]. Increasing exhibition area is, therefore, one of the ef-
fective ways for a museum to improve the utilization efficiency of collections [25-26]. 

The Pearson correlation coefficient between the number of professional employees 
and exhibition quantity is 0.89, indicating that the two are also highly correlated. It can 
be explained by the fact that the number of employees plays an important role in the 
development of museum exhibitions. If a museum lacks necessary professional em-
ployee allocation, it will seriously restrict the development of the museum and the utili-
zation efficiency of its collections [27]. 

However, other factors are also important. For example, there is a strong correlation 
between the total number of staff and exhibition quantity. This suggests that sufficient 
overall staffing capacity is a fundamental constraint on a museum’s ability to produce 
exhibitions. Similarly, regions with fewer collections tend to have fewer exhibitions, while 
those with more collections have comparatively more. More exhibitions, to some extent, 
mean that more collections are being used, consequently, more cultural and historical 
values are being passed on. Furthermore, as both staffing and collection utilization are 
resource-dependent, the income of a museum is another important factor that affects 
the exhibition of museum collections. Increasing funds is therefore one of the effective 
ways for a museum to improve the utilization efficiency of collections. 

Although factors such as ticket prices, collection value, or exhibition themes may 
influence visitor engagement, these variables were not individually analyzed. First, most 
Chinese museums adopt free or low-cost admission policies, with ticket revenue con-
stituting an extremely small proportion of total income (less than 10%). Therefore, it was 
not listed separately but incorporated into the broader "revenue" factor, which primarily 
includes government fiscal funding and ticket revenue. In China, only a small number 
of national-level museums charge admission fees, while the majority are free to the 



359

CO
N

SE
RV

AT
IO

N
 S

CI
EN

CE
 IN

 C
U

LT
U

R
A

L 
H

ER
IT

AG
E

 

5. Discussion 
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bition quantity of museums. Then, a nomogram model for predicting the exhibition 
quantity was constructed using these three factors, and the accuracy of the model was 
verified by using the C-index, ROC curve, and calibration curve, which proved that GDP 
ranking, area, and professional employee, provided good accuracy in predicting exhi-
bition quantity. 

We calculated the Pearson’s correlation coefficient between the GDP ranking and the 
exhibition quantity and found that the correlation coefficient of the two was -0.77, indicating 
that the higher the GDP ranking (better economic performance), the greater the number of 
exhibitions held in the specific region. Therefore, the degree of economic development is 
one of the factors affecting local museum exhibitions, thus, the financial strength of a mu-
seum inevitably affects the exhibition quantity and the use efficiency of the collection. 

The Pearson’s correlation coefficient between exhibition area and exhibition quan-
tity is 0.94, which is the highest of all factors. It can be considered that areas with more 
exhibition space have more exhibitions, while areas with less exhibition space have 
fewer exhibitions. Exhibition area is undoubtedly one of the important factors affecting 
the utilization of collections [24]. Increasing exhibition area is, therefore, one of the ef-
fective ways for a museum to improve the utilization efficiency of collections [25-26]. 

The Pearson correlation coefficient between the number of professional employees 
and exhibition quantity is 0.89, indicating that the two are also highly correlated. It can 
be explained by the fact that the number of employees plays an important role in the 
development of museum exhibitions. If a museum lacks necessary professional em-
ployee allocation, it will seriously restrict the development of the museum and the utili-
zation efficiency of its collections [27]. 

However, other factors are also important. For example, there is a strong correlation 
between the total number of staff and exhibition quantity. This suggests that sufficient 
overall staffing capacity is a fundamental constraint on a museum’s ability to produce 
exhibitions. Similarly, regions with fewer collections tend to have fewer exhibitions, while 
those with more collections have comparatively more. More exhibitions, to some extent, 
mean that more collections are being used, consequently, more cultural and historical 
values are being passed on. Furthermore, as both staffing and collection utilization are 
resource-dependent, the income of a museum is another important factor that affects 
the exhibition of museum collections. Increasing funds is therefore one of the effective 
ways for a museum to improve the utilization efficiency of collections. 

Although factors such as ticket prices, collection value, or exhibition themes may 
influence visitor engagement, these variables were not individually analyzed. First, most 
Chinese museums adopt free or low-cost admission policies, with ticket revenue con-
stituting an extremely small proportion of total income (less than 10%). Therefore, it was 
not listed separately but incorporated into the broader "revenue" factor, which primarily 
includes government fiscal funding and ticket revenue. In China, only a small number 
of national-level museums charge admission fees, while the majority are free to the 

 

public. In this study, the author focused on analyzing how internal museum resources 
(e.g., floor area, staff) and external economic conditions (e.g., GDP) drive exhibition 
output, rather than visitor behavior or market mechanisms, due to unavailable data.  

 
5.2. Low display rate in China 
 
Collections are the foundation of a museum and play an important role in the mu-

seum’s development. According to the “Statistical Yearbook of Chinese Culture,” the 
number of museum collections in China reached 14,554 million pieces or sets in 2008, 
and up to 151.6% to 36,623 million pieces or sets by the end of 2017. With social and 
economic development, the spiritual and cultural needs of the public are constantly in-
creasing [28]. However, the low display rate of museums in China is an objective prob-
lem. The phenomenon of a “dead collection” is common, and a large number of 
collections are silently stored in warehouses. According to the statistics of the National 
Cultural Heritage Administration of China on the collections in eight museums jointly 
built by the central and local governments in 2013, the display rate is between 1.2% 
and 5% across these museums, and the calculated mean is less than 2.8%. 

Whether a collection can be fully displayed is the expression of a museum's survival 
ability and the motivating force in a museum's smooth development. In this study, we 
used the mathematical model to estimate the display rate of museums of different ad-
ministrative levels and types from 2009 to 2017. It was found that the display rate of 
museums was relatively low in terms of both the administrative level and the type of 
museum. In addition, although there are two points when the display rate during this 
period increases, overall, it declines. 

This study mainly uses mathematical modeling and statistical methods to analyze 
the display rate of the museums in China by relative quantitative analysis. However, for 
museums, it is not only the quantity, but also the quality of the exhibitions that is im-
portant [29], such as the depth of the research and interpretation of the collection’s 
value [30], whether the frequency of the artifact’s use in exhibitions is appropriate, and 
the absence of factual inaccuracies or misleading interpretations in the exhibition [31]. 

Although the collection resources of museums in China are very rich, museums 
have not done enough to display, study, interpret, and activate their value comprehen-
sively, to obtain lasting cultural attraction. For example, although some collections have 
been preserved digitally, they have not been used effectively [32]. In some museums, 
the exhibitions are just simple exhibitions, which merely show the objects. By ignoring 
the perspective of the visitors, the value connotation of the artifacts cannot be under-
stood by the patrons. For most museums, research is a weakness. The content of the 
published exhibition books is mostly pictures and a brief introduction. The content in the 
book does not delve deeply enough into the value of the collection and shows a lack of 
ability to translate professional knowledge of the collection into a popular language that 
is easy to understand and so be accepted by the public. Abstruse, abstract, and tedious 
content is not rendered in a vivid form, making it difficult for readers to feel the subtlety 
of the collection [33]. Exhibitions are an important way to display Chinese culture, but 
intellectual errors in the exhibition can seriously impact the effect of the exhibition. In 
exhibitions, the overuse of ‘national treasures’ (those artifacts designated as having the 
highest historical or artistic value) is a noticeable problem. Unlike collections that are 
considered national treasures, most of the collections in museums are ordinary collec-
tions (the majority of holdings with significant but relatively lower-tier cultural value), 
though they are an important part of supporting exhibitions. The over-utilization of na-
tional treasures and the lack of utilization of ordinary collections highlight the polariza-
tion of the utilization frequency of museum collections. Insufficient interpretation of the 



360

J. L
i - 

Di
sp

lay
 ra

tes
 of

 Ch
ine

se 
mu

seu
ms

 an
d s

tat
ist

ica
l a

na
lys

es 
of 

fac
to

rs 
infl

ue
nc

ing
 ex

hib
itio

n q
ua

nt
ity

 

value of a collection will inevitably affect the depth of the exhibition, but also affect the 
function of the museum [34]. 

 
5.3. Deficiency 
 
First, the collection of 670 exhibitions has limited representation. Due to the lack of 

published data and difficulty in data collection, the exhibition data that were finally col-
lected are representative of high-quality exhibitions in China. This factor has a certain 
impact on the estimation of the display rate of museums; in fact, the actual display rate 
will be lower than the estimated display rate. Even so, it is undeniable that the low 
display rate is an objective problem.  

Second, the seven factors of the data set that were used, are all from the “Statistical 
Yearbook of Chinese Culture” published in past years. Only data related to the topic of the 
article from the yearbook can be selected. However, the factors that affect the exhibition 
quantity of the museum are not limited to these seven factors since the impact of other 
factors on museum exhibitions must also be considered, such as grade/value hierarchy of 
the artifacts, the museum's philosophy and policies regarding collection management and 
utilization, relevant governmental regulations, the depth of collection research and so on. 

 
 
6. Conclusion 

 
The basic information of 670 randomly chosen exhibitions was collected from 31 

provinces and cities in China from the official website of museums and the “Annual 
Records of Important Exhibitions of Museums in China,” and the display rate at different 
levels and types of collections from 2009 to 2017 was estimated by means of mathe-
matical modeling. It was found that the display rate of the collections in both city-level 
museums and museums above the provincial level was on a declining trend over this 
period, and that the estimated display rate curves of the collections of all types of mu-
seums showed a downward trend. These results demonstrate that the display rate nei-
ther increased nor decreased, in the period from 2009 to 2017, even though the number 
of museums and collections increased significantly over the same period. 

The statistical analysis method of Lasso regression and logistics regression allowed 
the screening of three factors related to the exhibition quantity from a number of seven 
factors to be carried out. The three factors were used to construct a nomogram model 
that could then be used to predict the exhibition quantity in museums. The C-index, ROC 
curve, and calibration curve all confirmed the good consistency of the nomogram model. 

Using Spearman’s and Pearson's statistical methods, we analyzed the correlation 
between the administration level and type of museum and the display rate, and the 
exhibition quantity and the objective factors, respectively. It was found that the relation-
ship between administrative level and display rate is “high level–low display rate, low 
level–high display rate.” In addition, it was confirmed that when the level of economic 
development is high, there are more professional employees, and larger exhibition ar-
eas consistently host a greater number of exhibitions. 
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of museums and collections increased significantly over the same period. 

The statistical analysis method of Lasso regression and logistics regression allowed 
the screening of three factors related to the exhibition quantity from a number of seven 
factors to be carried out. The three factors were used to construct a nomogram model 
that could then be used to predict the exhibition quantity in museums. The C-index, ROC 
curve, and calibration curve all confirmed the good consistency of the nomogram model. 

Using Spearman’s and Pearson's statistical methods, we analyzed the correlation 
between the administration level and type of museum and the display rate, and the 
exhibition quantity and the objective factors, respectively. It was found that the relation-
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development is high, there are more professional employees, and larger exhibition ar-
eas consistently host a greater number of exhibitions. 

 
 
Funding  
 
This study was funded by The National Social Science Fund of China (2019), grant 

number: 19BZS117. 
 

 

Acknowledgments 
 
The author wishes to thank Prof. Zhiqin Deng and Dr. Ning Cheng for their guidance 

in using mathematical methods. I also wish to thank the reviewers for their insightful 
comments and suggestions in this article.  

 
 
Notes 

 
1  The administrative level of museums in China refers to the subordination of 

museums, which are listed as national, provincial, and city museums, from 
high to low. 

2  With reference to the classification system commonly used worldwide, in 
China, museums are divided into four types according to actual representation, 
namely, history, art, natural science and technology, and comprehensive. 

3  Mean is the average display rate from 2009 to 2017. 
4  N denotes the sample size. For administrative level analysis, N = 27 (9 years × 

3 levels); for museum type analysis, N = 36 (9 years × 4 types). 
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Summary 

The actual display rate of exhibitions in Chinese museums is unknown. A mathe-
matical model was developed to estimate the display rate, and Lasso and logistics re-
gression were used to analyze factors affecting exhibition quantity. From 2009 to 2017, 
display rates across different museum levels and types were low and declining. Among 
seven factors, area, GDP ranking, and professional employee count, were identified as 
most relevant to exhibition quantity. A nomogram was constructed using these factors 
to predict exhibition quantity probability, achieving results with a level of high accuracy 
(C-index: 0.99, AUC: 0.923). These factors showed a strong correlation (>0.7) with 
exhibition quantity. 
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Riassunto 
 
Il tasso effettivo di esposizione delle mostre nei musei cinesi non è stato ancora 

oggetto di studi approfonditi. È stato sviluppato un modello matematico per stimare tale 
tasso, utilizzando il metodo Lasso e la regressione logistica per analizzare i fattori che 
influenzano il numero di mostre. Nel periodo compreso tra il 2009 e il 2017, i tassi di 
esposizione nei diversi livelli e tipologie di musei sono risultati bassi e in calo. Tra i sette 
fattori considerati, la superficie, la posizione nella classifica del PIL e il numero di di-
pendenti qualificati sono risultati i più rilevanti per il numero di mostre. È stato sviluppato 
un nomogramma utilizzando questi fattori per prevedere la probabilità del numero di 
mostre, ottenendo risultati con un elevato livello di accuratezza (indice C: 0,99, AUC: 
0,923). Tali fattori hanno evidenziato una significativa correlazione (>0,7) con il numero 
di mostre. 

 

  


